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Fig. 1 Calculation process of interval boundary
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Fig. 2 Straight diagram of wave distribution
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Fig. 3 Implementation process of classification
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Fig. 4 Load fluctuation histogram
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Tab. 1 Classified user interval limits
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Improvement interval prediction methodof short-term load based on

classified volatility statistics
WU Yin' ,MO Dong' ,LI Qiuwen',ZHANG Deliang’ ,HUANG Hongwei’ ,MAO Wenzhao’
(1. Guangxi Power Grid Power Dispatching Center, Nanning 530000 Guangxi, China;
2. Beijing Qingda Keyue Co. ,Ltd. ,Beijing 100084 , China)

Abstract : In order to support the demand of real-time transaction and safety check in the spot electricity market, a short-term load
interval prediction method based on classified volatility statistics is proposed. Firstly,the traditional statistical analysis of load volatility
and the calculation method of interval prediction limit are introduced. By standardizating the historical data of load, the distribution
histogram of load volatility is drawn,and the interval limit under the given precision is calculated. Then,based on the reality of China,
this paper discusses the fluctuation characteristics of load of different types of users from the perspectives of residents,commercial and
industrial users,and summarizes the upper and lower limits of load interval prediction of the whole network,so as to realize the interval
prediction of the whole network load. Finally,a case study constructed based on the actual data of a certain province shows that through
in-depth analysis of the fluctuation of different types of loads, the method proposed in this paper can achieve the overall optimal
prediction accuracy and interval width,reduce the interval width and improve the practicability of load interval prediction results on the
premise of ensuring the same prediction accuracy.

Key words : power spot market ; short-term load forecasting;interval prediction;volatility statistics ; prediction accuracy
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