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Tab.2 Model matching results

s KRB RIS ARRCR IUECSCRK RIIRECRAS RitarhR/%e RIPEER/%

10 2 958 2958 1 824 1 824 61. 66 17.36
20 2 958 5916 1555 3379 57.12 32.16
30 2 958 8 874 1 266 4 645 52.34 44.21
40 2 958 11 832 1156 5 801 49. 03 55.22
50 2 958 14 790 1 069 6 870 46. 45 65.39
60 2 958 17 748 983 7 853 44.25 74.75
70 2 958 20 706 851 8 704 42.04 82.85
80 2 958 23 664 657 9 361 39. 56 89.10
90 2 958 26 622 624 9 985 37.51 95.04
100 2 958 29 580 521 10 506 35.52 100. 00
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A customer identification method based on KNN algorithm
YANG Jing, LIU Kunpeng, JIN Peng
(State Grid Service Evaluation Department of Customer Service Center, Tianjin 300309 China)

Abstract: In order to solve the problems such as lack of clear understanding of customers, customer service business is mostly carried

out for natural persons, customer labels are marked on telephone numbers,while traditional electric power business is mainly carried out

for households ( household numbers ) . Customer labels are marked on household numbers, which makes it difficult to share

information. Based on the 95598 business,a unified identity recognition model is constructed by using big data analysis and text mining

to effectively identify the corresponding relationship between customer phone number and account number. Using participle technique,

efficient parsing address information, customer name, address and calculate the similarity score, name similarity scores, check the

corresponding relationships and identify the key factor of the suspected door number indicator. According to the obtained

correspondence , the weight division model is built, the matching score of corresponding relation is calculated, and the reliability of

corresponding relation is verified according to the score value. KNN model was built based on the similarity score of text to calculate the

matching score of corresponding relation,and identify the suspected account number according to the score value.

Key words : unified identity recognition ;text mining;big data; KNN model
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