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Fig. 1 Structure of fault diagnosis system
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Fig. 2 Data processing platform
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Fig. 3 Algorithm platform
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Fig. 5 Topology diagram of data aggregation for a

hydropower station
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Fig. 6 Data preprocessing
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Fig. 7 Algorithm flow of fault diagnosis model for uneven
clearance of upper guide tile in a hydropower station
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Fault diagnosis system of hydro generator unit based on big data platform
FAN Xiaobo' ,HE Huchang’ ,ZHU Hongbo’

(1. Sichuan Huaneng Batang Hydropower Co. ,Ltd. ,Ganzi Prefecture 627650 Sichuan, China;

2. Sichuan Huaneng Kangding Hydropower Co. ,Ltd. ,Ganzi Prefecture 626000 Sichuan,China)
Abstract : At present,the operation status of hydroelectric generating units is mostly mastered through the combination of analysis and
comparison of the operation data of the installed condition monitoring system and planned maintenance, but it is often found after the
fault has occurred,and the operation condition of the equipment can not be predicted in advance. In this paper,a fault diagnosis system
for hydroelectric generating units based on large data platform is introduced in detail. The system is mainly composed of data processing
platform ,model algorithm platform and visual display platform. It is a typical application based on big data platform and Internet
technology. It mainly excavates the real-time and historical data of the existing computer monitoring system and condition monitoring
system of hydropower plants, and then extracts the rich value information contained in these data through a series of association
algorithms to realize the monitoring of the operation status of units, health evaluation, trend early warning, fault diagnosis, maintenance
guidance and so on.

Key words : big data;hydro generator;fault diagnosis ; monitoring ; maintence
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