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Tab. 1 Data sources for active monitoring, evaluation and application based on grid operation information
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Tab.3  Data wide table for active monitoring, evaluation and application based on grid operation information
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Fig. 1 Research and judgment scheme for operation

state of distribution line
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Fig. 2 Framework diagram of research and evaluation

scheme for heavy overload trend

2.4 HHIE

AR 12 FH 2] 4 70 7 T2 A : Eviews , Tableau
SPSS Modeler 1 R i 5 .
2.5 WIRERR
251 EEHBEARELRMR

A SAR I T BB W A 110 kV R DL AR
L T AR BT R A, BRd 5 B Oy 2015 4F 1
H 1 HF| 2017 411 A 7 B, 9 H28 1 35 B 195
A, FRCR 411 4>, HIER FRMAEZESR LT
Iy REERARIE 1 5 AR T L 8 5 A8 M ik
T

- 79 .



L R

22 %

() FptRie 15 EArE R, SiRle 153
ARl 5 T R LR AT AN AT 3 R

"'Y'M‘i"MWWW*‘)(‘"WMW

;
\d \d A \d A \J \d X \d A g g \d B
P YISy,

— ITUE —AR¥

B3 SR SELEHESAHEHELE

Fig. 3 Curve diagram of oil temperature and load rate of

Guoxuling No. 1 main transformer
[LEFEAUIE PS ERWSETE N F Y PR O
0.65, Ny T HE—2L 70 M P2 Z 8] i P e LA, 22 1l
HUS BN 4 FiR

FhERMe 1 E MR FURE mE AR

120.0%

1000% ‘»‘ Fxienr |- ———————————
. e «* )
, o [ EEmamns | . cads Gt
3 oL .2 . e
% soox e o . .
o o Cwe ‘e
* oo ee .
s ‘-"tl‘. o BARH: y=0.0115x-0.0661
= Yee™ o WRFH: R=04139
N Wl e
0.0%
5 3% 45 55 65 7 85
s

B4 R SETHESHEE_TOHE
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Fig. 6  Bivariate regression chart of oil temperature and load

rate of Guodingshan No. 8 main transformer
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Tab. 4 Summary of the results of the model for evaluating the operation status of distribution lines
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Big data mining helps to improve power grid monitoring level

WU Xiaoyun, LI Gang,GAO Xiaogian, YANG Xi, YIN Han, GAO Zhen

(Wuhan Power Supply Company of State Grid, Wuhan 430000 Hubei, China)
Abstract : SCADA is the foundation of the power dispatching. Monitoring stuffs primarily obtain status information from this system, such
as grid running state. With the increasing of the scale of the power grid, the amount of status information increases. For lacking of
effective analysis methods,the monitoring stuffs are under pressure and exhausted, This paper makes use of large data analysis tool and
the existing large amount of power grid operation information of SCADA system, deeply explores the relationship between the main oil
temperature and the load rate,and gives the function of the change between the main oil temperature and the load rate. The main oil
temperature threshold of heavy overload boundary is obtained. The load fast change warning model of the 10 kV distribution line is
constructed ,and combined with the 15-minute load data of the 10 kV line,the operating status of the distribution line is quickly judged,
and the early warning is given in a timely manner. Combining external weather and other data,the model of main variable overload trend
warning has been established , which has laid a solid foundation for analyzing and identifying potential risks in power grid operation and
guiding the scientific planning and construction of power grid.

Key words: big data mining;grid operation ;monitoring information ;status assessment ;risk assessment ;automatic warning
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