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Tab. 1  Number of hidden dangers,incidents and accidents in

a province from 2013 to 2017
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Fig. 1  Safety accident ratio model

3 BAEFREEZBEESHFEN

[ o A7 2 — R GE T e i B9 058, HRTTE S
N FH Y HCA 12, e X LI R dh A T WL
WFFE , TSR A B 2 [A] A FE AR G 25 , AT RE XS
s A N FERUAE AT 20 B, 72 IR LAl _E s mT LA R
KB A AR AN DL AT T . A 2 s O 2013
-2017 AR SRR . Hoh B AR AR,

AR R A
12000

FE: 0

FFH: 454

10000 » !
° °
ﬂg 8000 ! -~
& 6000
L
2000
0
o 1 2 3 a s 6
FH

2 BREEREHAE
Fig. 2 Total scatter diagram of hidden dangers
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Tab.2  Fitting degree scale
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Fig.3 Warning indicator diagram of safety production
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Tab.3  Number of hidden dangers from January

to December in 2017
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Tab. 4 Hidden danger list of a province

from January to May 2018
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Research on the risk early warning of power production safety accident

based on data drive
YANG Jun', WANG Dong', XU Jie’, LI Penglei’, MI Chuanmin’
(1. Safety and Quality Supervision Department of State Grid Co. ,Ltd. ,Beijing 100032, Chinaj; ;
2. State Grid Jiangsu Electric Power Co. ,Ltd. , Wuxi Power Supply Branch, Wuxi 214000 Jiangsu, China;

3. School of Economics and Management, Nanjing University of Aeronautics and Astronautics, Nanjing 211106 Jiangsu, China)
Abstract: The rapid development and wide application of smart grid provide massive data with complex sources and diverse structures
for power enterprises, making smart grid become one of the most important application fields of big data. How to apply big data
technology to achieve data collection, storage and mining,and then improve the level of safe production of power enterprises has become
an important research topic. This paper first expounds the basic concepts of big data and big data technology of electric power, then
draws lessons from the traditional " Heinrich rule" and proceeds from the perspective of hidden trouble, uses big data technology to
process the massive data generated in the safe production of power in a province of China,through which a safety accident proportion
model of electric power enterprises in a province is established. Then , through regression analysis, the number of potential dangers in the
future is predicted. Finally,according to the proportion model of safety accidents,the number of possible accidents and accidents in the
future is predicted ,and determine the control target of the number of hidden dangers, and in the end a set of production safety early
warning model is formed in order to eliminate hidden dangers and reduce accidents.

Key words : safety accident;hidden danger;big data;early warning
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